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Abstract 

We study the effect of hearing cases alongside female judicial colleagues on the probability that a 

federal judge hires a female law clerk. Federal judges are assigned to judicial panels at random 

and have few limitations on their choices of law clerks. Using a unique dataset of federal case 

records merged with judicial hiring information, we find a significant effect of the fraction of co-

panelists who are female on a male judge’s likelihood of hiring a female clerk. This finding 

suggests that increases in the diversity of the upper rungs of a profession can create opportunities 

at the entry-level. 
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1. Introduction 

Workplaces are segregated by gender, with women working in lower-paid occupations 

(Blau & Kahn, 2017) and firms (Goldin, Kerr, Olivetti, & Barth, 2017) than do men with similar 

levels of education. As a consequence, men are less likely to work closely with women than with 

other men, particularly in high-paying fields. A longstanding literature argues that this segregation 

and ensuing lack of exposure contributes to discrimination against women in male-dominated 

professions by reinforcing negative perceptions of women’s ability (Allport, 1954), reducing the 

quality of information that men receive about female colleagues (Aigner & Cain, 1977), and 

socially reinforcing taste-based discrimination. In this case, promoting diversity in professional 

interactions may improve economic opportunities for women, racial minorities, and other “out-

groups” by changing the attitudes and behavior of men and other “in-group” decision-makers. 

Empirical validation of this hypothesis has important policy implications, as it suggests and 

legitimizes practical steps to promote diversity in the workplace.  

Tests of the effect of exposure to “out-groups” on the attitudes and behavior of “in-groups” 

face a key challenge: individuals with negative beliefs about out-groups are less likely to 

meaningfully interact with members of out-groups (Bertrand & Duflo, 2016). As a result, credible 

research designs have focused either on experimental evidence or on the rare circumstances when 

people interact with others at random. For instance, seemingly random assignment to college 

roommates (Boisjoly et. al., 2006) or to gender-integrated military squadrons (Dahl, Kotsadam, & 

Rooth, 2021) influences attitudes toward women and ethnic minorities.  

While this literature suggests that contact with out-groups can change attitudes and 

behavior, prior work has either examined inexperienced people at the beginnings of their careers, 

or examined intimate family relationships. No previous work has credibly examined the effect of 
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ordinary workplace interactions on high-stakes decisions, particularly on mature, well-established 

professionals in the elite of their occupations. 

In this paper, we exploit a unique feature of the Federal appellate court system to present 

clear causal evidence on the effect of workplace interactions with out-groups on individual hiring 

decisions. Appellate court judges hear cases in panels of three randomly selected judges. Because 

judges hear cases at random, their likelihood of working with female colleagues on cases is also 

random. At the same time, appellate judges are broadly unconstrained in who they hire as a court 

clerk, a prestigious position typically filled by graduates of top law programs. We thus examine 

the effect of exogenously determined interactions with women on appellate panels on a judge’s 

choice of court clerk.  

We find significant positive effects on the likelihood of hiring female clerks from 

professional interactions with female judges. In particular, we find that a one standard deviation 

increase in the fraction of case interactions a male judge carries out with female colleagues 

increases the likelihood of hiring at least one female clerk in the next year by 7.8 percentage points. 

Our finding is robust to a wide range of tests, including placebo regressions in which we match 

each judge to the most similar judge within the court and regress the judge’s exposure to female 

colleagues on the hiring decision of the match.  

Our work relates to three strands of literature. The first literature examines the effect of 

exposure to out-groups on attitudes and decisions. Experimental psychologists have extensively 

studied these effects, starting with Allport’s (1954) development of the contact hypothesis, and 

economists have more recently addressed this question experimentally and quasi-experimentally.1 

As previously mentioned, prior work has focused on college students and other new entrants to 

                                       
1 For a review of recent work, see Paluck, Green, and Green (2018). 
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professions. Boisjoly et al. (2006) use the random allocation of college roommates to show that 

inter-racial interactions make the advantaged group more empathetic to the disadvantaged group 

while improving the academic performance of the disadvantaged group. Similarly, Dahl, 

Kotsadam & Rooth (2021) find that random assignment to gender-integrated boot camp squads 

leads men to adopt more egalitarian attitudes and to enter military occupations with more female 

representation. 

Work focused on older adults has primarily considered interactions outside of the 

workplace. Mousa (2020) and Lowe (2021) examine the effect of random assignment to soccer 

and cricket teams with Muslim or other-caste teammates. Both studies find that players assigned 

to out-group teammates are more willing to join mixed teams in future seasons, more likely to vote 

for out-group players for an award, and more likely to report out-group friendships. Other work 

examines the effect of close family relationships on decisions. Washington (2008) finds that 

lawmakers with daughters vote in a more liberal manner, especially on reproductive issues. While 

these papers provide strong evidence that exposure to out-groups shapes choices, close personal 

relationships may have very different effects on behavior than do working relationships. 

Furthermore, none of these papers examine decisions related to hiring or promotion. 

We contribute to this literature by proposing quasi-experimental evidence on how 

professional interactions with female colleagues affect an important economic decision: the hiring 

of court clerks, a prestigious position filled by top law students. Our approach is unique because it 

directly estimates the effect of professional interactions on hiring decisions. Examining the upper 

reaches of the job market is especially important since this is where the gender wage gap is the 

largest (Blau & Kahn, 2017). 
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We contribute to a second literature examining the effect of policies that increase the 

number of women in leadership positions on opportunities for women. In contrast to work on 

interaction with out-groups, this work has mostly found small or no effects on economic 

opportunities for women. Bertrand et. al. (2019) examine a Norwegian policy mandating that at 

least 40% of the board members of public companies are women, finding no effect on the number 

of women hired to the top echelons of public Norwegian companies, nor on the gender earnings 

gap. Likewise, Maida & Weber (2020) find that a similar reform in Italy increased the number of 

women on boards but had small and imprecisely estimated effects on the number of women hired 

as senior managers. Beaman et. al. (2009) find somewhat more positive effects of an electoral law 

in West Bengal requiring that a third of village council seats be held by women. In precincts whose 

seats are reserved for women, male voters are more likely to elect women for open seats despite 

expressing stronger preferences for male leaders. 

Our paper is similar to this literature in that it examines the effect of exogenous workplace 

interaction with elite female peers on opportunities for less elite women. However, the context of 

the legal profession differs from that of corporate boards in a few key ways. As noted by Bertrand 

et. al. (2019), boards of directors have limited influence over hiring decisions. As a result, female 

representation on boards may not affect hiring even if it did affect the beliefs, attitudes, or 

preferences of male board members. In contrast, appellate judges have broad and unconstrained 

authority to hire law clerks. Furthermore, boards make decisions as a collective deliberative body. 

As a result, changes to board decisions reflect both changes to male board members’ preferences 

and the preferences of female board members. As demonstrated by Bauges & Esteve-Volart 

(2010), majority-female committees may overestimate the qualifications of male job candidates in 

This is the author’s accepted manuscript without copyediting, formatting, or final corrections. It will be published in its final form in an upcoming issue of 
Journal of Labor Economics, published by The University of Chicago Press. Include the DOI when citing or quoting: https://doi.org/10.1086/720392   

Copyright 2022 The University of Chicago Press.



 5 
 

some circumstances, potentially counterbalancing increased willingness to hire women among 

male board members. In contrast, appellate judges make hiring decisions unilaterally.  

Serving with female board members may also affect men’s attitudes and beliefs differently 

than does hearing cases with female judges. Because female board members are chosen by existing 

board members, they may already be well-known to their male colleagues, limiting the amount 

that men learn by interacting with them. For instance, Chevrot-Bianco (2021) finds that a third of 

women appointed to Danish boards of directors following the imposition of a gender quota are 

relatives of male board members. Because female appellate judges are not chosen by male 

colleagues, men may learn more by interacting with women in the judiciary. In addition, legally 

mandated gender quotas may inspire backlash against female professionals among male board 

members, counteracting any positive effects of interaction with women. While interaction with 

women in the judiciary is nonvoluntary, random and gender-neutral assignment to peers may not 

inspire backlash. 

Finally, our work contributes to a literature studying the decisions of judges. Boyd, Epstein 

& Martin (2010) examine the effect of hearing cases alongside female colleagues on a judge’s 

rulings, but have not examined decisions made outside of court, such as hiring. Glynn & Sen 

(2015) examine the gender of judges’ children on their voting decisions. Ash, Chen, & Ornaghi 

(2020) examine the role of gender bias, measured by the use of sexist language in written opinions, 

on judge’s rulings, likelihood of reversing female district judges, and citation of female authors. 

Our study is relevant in this context because provides insight on how the judges’ professional 

interactions affect their decisions outside of court.  
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2. Institutional Setting 

2.1. Federal Appellate Courts 

In the U.S. Federal court system, cases originate in district courts, where parties present 

evidence and individual judges make an initial ruling. Each party is entitled to appeal decisions to 

appellate courts, which review the legal reasoning used in district courts. Since the Supreme Court 

is not required to review an appellate court’s decision, the great majority of appellate court 

decisions are final.  

Twelve federal appellate courts hear cases decided by district courts in a distinct 

geographical area, while the thirteenth hears cases involving patents, international trade, and other 

particular subject areas originating anywhere in the United States. The geographical organization 

of the courts requires federal judges to hear cases on all subjects, requiring them to maintain 

expertise in a wide variety of legal areas. Therefore, a judge might learn different information 

about a colleague’s ability in each case that they hear with them.  

Appellate judges hear cases in panels of three, but occasionally organize larger panels. 

Each court assigns judges to cases using methods intended to be random, such as the use of 

computer programs and the drawing of lots (Levy, 2017).2  

Courts construct panels with regular appellate judges, senior appellate judges (who work 

part time), and visiting judges—typically either district judges or retired federal judges. Most 

courts ensure that there are at least two regular appellate judges on each case, so visiting judges 

hear cases with other visiting judges only in exceptional circumstances (Levy, 2019). In addition, 

                                       
2 The algorithms used by some courts, such as the Fifth Circuit, avoid having any judge serve too often with any 

other judge in a year (Levy, 2017). This limits the variance in our sample but preserves random assignment to 

colleagues. 
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chief justices often restrict the type of cases that visiting judges hear, for instance only using them 

for civil cases (Levy, 2019). Furthermore, because visiting judges only hear cases for part of the 

year, the timing of their visits affects the colleagues they interact with. As a result, while neither 

regular appellate nor visiting judges are assigned to cases on the basis of their characteristics, 

visiting judges hear a different set of cases with a different set of colleagues than do regular 

appellate judges. For this reason, we only consider the hiring decisions of appellate and senior 

appellate judges. However, when measuring exposure to female colleagues, we consider the entire 

population of judges, including visiting judges, as explained in Section 3.1. 

Judicial panels decide whether to affirm or overrule the decision of the appellate court by 

considering legal briefs prepared by each party. A majority (typically two members) of a court 

must agree to the court’s decision, and in 87% of cases, the court reaches a unanimous decision. 

If the judges believe that the case addresses novel legal reasoning and will thus be useful as 

precedent, they publish the opinions, making them available in legal registers and online databases.  

2.1.1. Appointment of Judges and Clerks 

Judicial appointees are nominated to lifetime appointments by the President and confirmed by 

the Senate.3 Most judges in our sample are over 60 years old, and have served in their current 

positions for more than 15 years. As a result, they entered a legal profession with far fewer women 

than are present today. While women make up half of new lawyers today, fewer than 5% of new 

lawyers were women prior to 1968, 36% were women in 1981, the year that the median federal 

judge in our sample finished law school, and 43% were women when the median judge started 

their current position (American Bar Association, 2017). As a result, federal judges hire in a labor 

                                       
3 An exception is magistrate judges—district judges appointed by current members of a district court (McCabe, 

2014). 
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market where women are significantly more numerous and successful than they were when the 

judges first formed impressions of the legal profession and of the judiciary. 

Each judge hires a staff of administrative assistants and law clerks. Typically hired directly out 

of law school, law clerks typically serve one to two-year terms assisting judges with legal research 

and decision writing (Posner et. al, 2001). Appellate court clerkships are prestigious and highly 

sought-after positions, and lead to positions at top law firms, government agencies and the 

judiciary (Rhinehart, 1994). They are especially valuable for law students hoping to enter the 

judiciary—every Supreme Court clerk serving from 2005-2014 had previously been an appellate 

court clerk (Hess, 2015). 

Most law clerks accept clerkships in their second year of law school (Avery et. al, 2007)—two 

years before their start-date. Given this, we define a clerk’s year of hiring as two years prior to the 

year that they begin work.4  

Due to the structure of the appellate clerk market, judges have wide latitude to choose the 

candidate clerk that best matches their preferences (Avery et. al., 2007). Because approximately 

half of all law students apply to clerkships, judges receive thousands of applications (N.A.L.P., 

2019). Judges typically give very short decision windows to accepted applicants (in some cases, 

as brief as 10 minutes), so most law students take the first clerkship offered. 

3. Data Description 

We pool data from several sources. Our two primary datasets are the Judicial Yellow 

Book—a directory published annually by Leadership Directories Inc. that lists information on 

judges and clerks working in the US court system (Leadership Directories, inc., 2007-2017), and 

a directory of case records published by federal appellate courts from 2007 to 2017 (Leagle, 2019).  

                                       
4 Thus, clerks hired in year t+1 begin work three years after year t. 
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3.1. Primary Data 

We collect judge and clerk information from the Judicial Yellow Book, which includes the 

names and backgrounds of judges serving at all levels of the federal court system, and of each 

judge’s clerks. We purchased archived copies of the Judicial Yellow Book from Leadership 

Directories Inc. for the years 2007-2017, in the form of pdf pre-publication masters. We use these 

data to determine the characteristics of judges and the gender of the clerks hired by each judge in 

each year as described in detail in Appendix A. 

To determine which judges sat on panels together in each year, we scraped information 

from the online court records aggregator Leagle.com. Leagle stores and categorizes the decisions 

handed down by the United States courts – trial courts, appellate courts, and the Supreme Court. 

The library is comprehensive and contains over 5 million cases since 1950. We pool information 

on the universe of published cases heard between 2004 and 2017, in total 50,813 cases. For each 

case, Leagle provides the full text of the court’s decision, exactly as it appears in published court 

documents. We use this text to determine which judges heard each case and to collect information 

on the complexity of each case, as described in Appendix A. 

We combine these two datasets by matching judge names appearing on each appellate case 

to judge names listed in the Judicial Yellow Book in the appellate court that heard the case or a 

subsidiary district court.5 When merging the case data to the list of judges in the Judicial Yellow 

Book, 66% of potential judge names identified in the case records match the relevant appellate 

court or subsidiary district courts. The remaining 34% consist of attorneys, parties incorrectly 

categorized as judges, and in fewer cases, judges visiting from other circuits and retired judges 

                                       
5 We include judges from subsidiary district courts because they occasionally serve on appellate panels as visiting 

judges (28 U.S. Code § 292). 
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hearing cases as senior judges, and are thus dropped from the analysis. Among appellate judges 

listed in the Judicial Yellow Books, 85% appear on at least one published case in the year that they 

are listed. The remaining 15% are mostly senior judges who hear few or no cases each year. Among 

district judges listed in the Judicial Yellow Books, 12% appear on at least one published case in 

the year that they are listed, consistent with a significant minority of district judges visiting 

appellate courts each year. 

In total, we identify 298 appellate judges and 589 district judges who served on an appellate 

court panel that produced a published opinion at least once between 2004-2017. In our final 

database of 50,484 cases, 70% have three judges that are included in the analysis, 20% have two 

judges, 6% have one judge, and 4% have more than three judges. Cases can have fewer than three 

judges when they include visiting judge who is not from a subsidiary district court or when names 

are recorded improperly in our database. Cases can have more than three judges if they are heard 

en blanc (before all judges on an appellate court) or if a judge was replaced during the progress of 

the case due to illness or other circumstances. 

Appendix Table A.1 compares the data on judges and cases used in this paper to official 

court statistics. First, we compare the number of published cases in our data with the number 

reported in the annual Judicial Business Statistics (Judicial Business: Table B-12). Because our 

data source covers January 2007-December 2017 whereas the Judicial Business Tables covers 

November 2006 to November 2017, we expect small deviations in the number of cases across the 

two datasets. Appendix Table A.1 shows that the number of cases in our data are remarkably 

similar to those reported in official data, with the exception of the Third Circuit, where we recover 

fewer cases than expected. We also compare the number of judges appearing in the Judicial Yellow 

Book and hearing cases in each year to the number of judges appearing in the federal judicial center 
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database (Federal Judiciary, 2019) serving in each year. An average of 267 appellate judges appear 

in each year of our data, compared to 280 appellate judges in each year of the federal judicial 

center data. This discrepancy is due primarily to the exclusion of some senior appellate judges 

from The Judicial Yellow Book. In particular the Judicial Center lists several senior appellate 

judges in the Fourth circuit who had never served as regular appellate judges—none of these judges 

appear in the Judicial Yellow Book data. Likewise, judges who attained senior status prior to 1995 

only occasionally appear in the Judicial Yellow Book data. Because these judges also do not appear 

in our case records data, we believe that these judges have maintained senior status but are not 

actively hearing cases. 

In addition to these core variables, we also analyzed the text of the court’s decision reported 

in the Leagle library to determine the number of cases cited by each opinion, the length of each 

opinion, whether oral arguments were conducted, and whether an amicus brief was filed. We use 

this additional information to demonstrate that published cases are of a higher complexity than 

unpublished cases. 

3.2 Other Data 

In addition to our two primary datasets, we incorporate two additional sources of 

information: The Biographical Directory of Article III Judges, compiled by the Federal Judicial 

Center, and a rating of the conservatism of the president who appointed each judge using the DW 

Nominate algorithm (Epstein, Martin, Segal, & Westerland, 2007). We provide further information 

in Appendix A. 
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3.3. Sample Selection 

We construct a panel dataset where an observation represents an appellate court judge in a 

particular year. As shown in Appendix Table A.2, our sample includes years when a judge heard 

at least one published case and hired at least one clerk in the following year. This sample includes 

1339 observations from 229 judges over ten years. Our primary analysis examines the 996 

observations from 174 male judges. Some specifications control for the current gender 

composition of a judge’s law clerks—this covariate is missing for 77 observations where a judge 

has no law clerks on staff, primarily in the first year of a judge’s tenure. We provide further details 

in Appendix A.4. 

Table 1 shows characteristics of this sample. As shown in Table 1, 26% of observations 

come from female judges. Judges hire an average of 2.9 law clerks per year, and hire at least one 

female law clerk in 69% of years in which they make a hiring decision. Overall, 42% of appellate 

court clerks are women, substantially lower than the 59% of district court clerks who are women. 

4. Empirical Model and Identification Strategy 

 Our empirical strategy takes advantage of the random assignment of judges to panels to 

regress a measure of interaction with female judges in a given year on the likelihood of hiring at 

least one female clerk in the following year. Because assignment of appellate judges to panels is 

random conditional on court and year, we control for fixed effects at the court by year level. We 

estimate the effect of exposure to female colleagues on the likelihood of hiring a female clerk using 

the following regression equation: 

𝐻𝑖𝑟𝑒𝑗,𝑐,𝑡+1 = 𝛽𝐼𝑛𝑓𝑗,𝑐,𝑡 + 𝛿𝑋𝑗,𝑡 + 𝜃𝑐,𝑡 + 휀𝑗,𝑐,𝑡    (1) 

where Hirej,c,t+1 is an indicator of whether judge j, in court c, hired at least one female clerk in year 

t + 1; 𝐼𝑛𝑓𝑗,𝑐,𝑡 is exposure to female judges in year t, 𝑋𝑗,𝑡 is a set of judge characteristics, and 𝜃𝑐,𝑡 
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is a set of court by year fixed effects. We examine the hiring of at least one female clerk because 

we expect the effect of exposure to female colleagues to be greatest for judges who would not 

otherwise hire a female clerk. As a robustness check, we also examine effects on the fraction of 

hired clerks who are female and the number of hired clerks who are female in Section 5.2.  

 We measure exposure to female judges 𝐼𝑛𝑓𝑗,𝑐,𝑡 as the fraction of co-panelists on the cases 

heard by judge j in year t that are female. Because we use the fraction of co-panelists who are 

female, rather than the count, our measure does not depend on the volume of cases heard by a 

judge in a particular year. This decision reflects the expectation that full-time judges with few 

cases have more time-consuming cases than those with many cases, and that each case is more 

salient when judges hear fewer cases. We primarily examine the hiring decisions of male 

colleagues because we expect men to be more likely to change beliefs and preferences about 

women in response to interaction with female colleagues.6  

To demonstrate the feasibility of this approach, we show that sufficient variation is left 

after accounting for our large set of controls. As shown in Appendix Table A.3, more than half of 

the variation in the hiring decisions of judges and the exposure of judges to female colleagues 

remains after accounting for judge characteristics, court by year fixed-effects, and judge fixed-

effects.  

4.1 Evidence in Support of Identification Strategy 

 This paper’s key identifying assumption is that variation in the gender composition of co-

panelists within a particular circuit and year is unrelated to a judge’s preference for female clerks 

                                       
6 As shown in Appendix Table A.7, we find statistically insignificant effects on hiring decisions of female judges, 

with a point estimate that is just over half the effect on male judges We also examine effects on all judges as a 

robustness check, finding smaller but highly statistically significant effects. 
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and to a judge’s available labor pool. This assumption is justified by the assertion, common to all 

appellate circuits, that judges are randomly assigned to cases (Stearns M. & Abramowicz, 2005). 

While violations of pure randomness are inevitable, these violations are small, unlikely to be 

sustained over a year, seen only in a few courts, and unlikely to be related to judge’s preferences 

or labor pools. In particular, work by Chilton & Levy (2015) finds that due to scheduling conflicts 

and similar concerns, the assignment of judges to appellate panels deviates from random 

assignment in several courts. As a consequence, the distribution of Republican appointees across 

cases differs slightly from what would be expected by chance in the Second, Sixth and DC circuits, 

and more substantially in the Ninth Circuit. However, the likelihood that a Republican will serve 

with another Republican differs from chance by less than a percentage point in all circuits but the 

Second and Ninth, in which it differs from chance by less than two percentage points. Levy (2017) 

examines a broader range of potentially non-random scheduling decisions made by the chief 

justice’s office of each appellate circuit, finding, for instance, that one circuit had a tradition of 

ensuring that judges have the opportunity to be the presiding judge on one case in their first year 

by constructing a panel with two senior or visiting judges. However, these deviations from strict 

randomness are small enough that federal judges themselves believe panels to be randomly 

constructed (Levy, 2017).  

 We test the potential threat of nonrandom case assignment to identification by regressing 

our main independent variable, the fraction of a judge’s co-panelists who are female in each year, 

onto a series of observed judge characteristics: the judge’s racial and ethnic background, years of 

experience, age, political party, the ideology of their nominating president, and the gender 

composition of their current staff, controlling for judge gender and for court by year fixed effects.  
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 Table 2 shows the relationship between a variety of judge characteristics and the main 

variable of interest, for both the full sample (columns 1 and 2) and separately for male and female 

judges (columns 3 and 4). Overall, the observed relationships between judge characteristics and 

interaction with female colleagues are no greater than would be expected by chance. One 

correlation is statistically significant at the 10% level: men’s interaction with female colleagues is 

negatively associated with the fraction of their staff that is female. Because we perform 24 tests, a 

single test that is significant at the 10% level would be expected even if there were no true 

relationship between any of the judge characteristics and interactions with female colleagues. We 

confirm this with a test of joint significance for each group of eight regressions, none of which 

rejects the hypothesis that all estimated effects are zero. 7 

We conclude this section by documenting the differences between published and 

unpublished cases. As discussed in Section 2.1, we use data from published cases. We do so both 

because only published cases are systematically available in all courts and years and because 

published cases involve more and higher-stakes interaction with co-panelists than do routine, non-

precedential cases. As a result, published cases provide more information to co-panelists about a 

judge’s abilities.  

Because the decision to publish a case is made by the judges empaneled to hear the case, it 

is important to assure that the assignment of a female judge to a case does not affect its likelihood 

of being published. In particular, one might conjecture that judges who consider women to be less 

capable than men will be less likely to support publication when seated on a panel with female 

judges. Were this the case, we would underestimate the exposure of sexist judges to female 

colleagues, positively biasing our regressions.  

                                       
7 As we show in Section 5.1, controls for judge characteristics, including party, do not weaken estimated results. As 

shown in Appendix Figure A.1, results are robust to the exclusion of each court, each judge, and year. 
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We explore this hypothesis by examining cases from 2016 and 2017, the only years in our 

sample in which all appellate circuits made a substantial number of unpublished cases available 

online. We first examine whether women publish a smaller fraction of cases than do men, as would 

be expected if some judges were reluctant to publish when empaneled with women. We regress 

the fraction of cases on which a judge is empaneled that are published in each year on a judge’s 

gender, under the regression framework presented in equation 1. As shown in Appendix Table 

A.4, we find that cases heard by female judges are published at a 2% higher rate than are cases 

heard by male judges, a difference that is neither statistically significant nor meaningful as 

potential sources of bias. This indicates that on average, judges are no more or less likely to agree 

to publish a case when empaneled with a female colleague. 

Next, we examine whether judges with potential sexist beliefs are less likely to publish cases 

when empaneled with female colleagues. We calculate the ratio of female colleagues on published 

case to female colleagues on unpublished cases. Were sexist judges less likely to publish a case 

when empaneled with female judges, they would have fewer female co-panelists on published 

cases and more female co-panelists on unpublished cases than would other judges. As a result, we 

would expect this ratio to be positively correlated with judge’s preferences for female clerks if 

judges published selectively, but uncorrelated with judge’s preferences for female clerks 

otherwise. We regress this ratio onto the fraction of clerks hired by a judge in all observed years 

who are female (𝐴𝐹𝐹𝑗,𝑐,𝑡, defined in Section 3.4). As shown in Appendix Table A.5, the 

relationship between publication ratio and average female fraction of clerks is small, statistically 

insignificant, and in the opposite direction predicted by an effect of sexist beliefs on publication 

decisions. 
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In contrast, we find clear evidence that published cases differ substantively from unpublished 

cases along other observed characteristics. As reported in Appendix Table A.6, Amicus briefs—

legal arguments filed by people or organizations not party to a case—were filed for 9.4% of 

published cases, compared to 0.3% of unpublished cases. This suggests that published cases are 

far more likely than unpublished cases to set precedents relevant to outside parties. Likewise, 

judges requested oral arguments for 37% of published cases, compared to 6% of unpublished 

cases. On average, published opinions were nearly four times the length of unpublished opinions 

and included more than three times as many citations. In sum, our evidence indicates the 

publication probability depends on factors unrelated to the gender of the panel of judges: men and 

women are equally likely to be on published cases.  

5. Findings 

5.1. Main Results 

Table 3 shows the ordinary least squares estimates of equation 1, in which the dependent variable 

is an indicator of whether a judge hired a female clerk in year t+1 and the key independent variable 

is the fraction of the judge’s co-panelists who were female in year t. Column 1 includes court by 

year fixed effects, with no additional covariates. Column 2 adds controls for judge gender, 

Hispanic ethnicity, a quadratic of age, the political party of the judge’s nominating president, a 

quadratic of the DW-Nominate score of the judge’s nominating president, and a quadratic of the 

judge’s years of experience on their current court. Column 3 adds judge fixed effects. Column 4 

controls for the number of clerks hired by the judge in year t+1 while column 5 controls for the 

fraction of a judge’s staff that is female in year t. Because the addition of this control excludes 

judges in years where they have no existing staff, we consider column 4 to be our main 
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specification. Consistent with our identification strategy, differences in these specifications are no 

larger than would be expected by chance.8 Column 4 shows that a one standard-deviation increase 

in a male judge’s exposure to female colleagues, or an increase of 0.11 in the fraction of judicial 

interactions with female colleagues, leads to a 7.8 percentage-point increase in the likelihood that 

a judge hires a female clerk.  

 We also examine the effect of exposure to female colleagues on the number of women 

hired in year t+1 and the fraction of new hires who are women in year t+1. Our results are 

qualitatively similar using these alternative dependent variables. As shown in Appendix Table A.8, 

the effect of exposure to female colleagues on the number of women indicates that a one standard 

deviation increase in exposure to female colleagues increasing the number of women hired by 

1.03, while the effect on the fraction of hires who are women is 5.0 percentage points.9 Results 

using all three dependent variables indicate a sizeable effect of exposure to female colleagues on 

the hiring of women.  

5.2. Robustness 

 We conduct two exercises to further increase our confidence that judges’ exposure to 

female clerks is unrelated to unobserved judge characteristics.10 First, we regress an indicator of 

                                       
8 We conduct F-tests for equality of coefficients for our primary independent variable comparing each column to 

each other column. We cannot reject the hypothesis that differences in the estimated coefficients occurred by chance 

in any of these comparisons. The largest difference is between columns 1 and 3, with a p-value of 0.5844. 
9 There is no effect of exposure to female colleagues on the total number of clerks hired. The increase in the number 

of women hired corresponds to a commensurate decrease in the number of men hired. The effect on the fraction of 

clerks who are women is smaller than the effect on hiring at least one woman (7.8 percentage points, shown in 

column 4 of Table 3) because the effect on hiring more than one woman is small and imprecisely estimated but not 

zero. 
10 Exposure to female judges could only be related to judge characteristics as a consequence of small deviations 

from perfect randomization in the assignment of judges to cases. For example, if judges with greater influence have 

more flexibility in scheduling vacation days, a judge might take vacations that are scheduled while (predominantly 

non-senior) female judges are working. Greater seniority might also increase their likelihood of hiring their 

(predominantly male) favored clerk candidates.  
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whether judge j  hired any female clerks in year t-1 on judge j’s exposure to female colleagues in 

year t. Because staff are hired two years in advance of their start-date, exposure to female 

colleagues in year t cannot have a causal effect on hiring in year t-1. As shown in columns 1, 2, 

and 3 of Table 4, exposure to female clerks in the year following a hiring decision is unrelated to 

that hiring decision, providing evidence in support of our identification strategy.11 

 Second, we match each judge j to the most similar judge within their court (with 

replacement). We determine matches by regressing the fraction of each judge’s staff who are 

female onto the judge’s characteristics and court. We then select the judge with the most similar 

predicted staff gender composition and regress 𝐻𝑖𝑟𝑒𝑗,𝑐,𝑡+1 on 𝐼𝑛𝑓𝑘,𝑐,𝑡+1, where j is the reference 

judge and k is the match. As shown in columns 4, 5 and 6 of Table 4, the association between the 

exposure of a judge’s most similar colleague and the judge’s likelihood of hiring a woman is 

negative and not statistically significant.12  

 Apart from questions over the random assignment of judges to co-panelists, one might 

worry that judges hire more female clerks when interacting with female colleagues due to 

characteristics of their colleagues other than gender. For instance, if judges are more likely to hire 

liberal clerks after interacting with liberal colleagues, exposure to female colleagues would be 

associated with the hiring of female clerks. We address this concern by including additional 

controls to our main regression for the fraction of co-panelists who are Republican, who have 

                                       
11 Note that the sample sizes for these placebo regressions are higher than the sample sizes for the primary 

regressions. Because hiring decisions happen two years prior to staffing starts, staff hired after 2014 cases are heard 

appear in our data in 2017, requiring us to drop case data from 2015-2017. In contrast, the placebo test only requires 

us to drop case data from 2007.  
12 This exercise is a further check against the possibility that our results are driven by unobserved shocks affecting 

particular subsets of judges serving on an appellate circuit. Factors correlated with a judge’s ideology and/or 

experience might affect the labor pool from which they hire, either because judges prefer ideologically similar clerks 

or because more senior or more ideologically mainstream judges can offer more prestigious positions and are thus 

able to hire the most sought-after clerks. If a quirk of the assignment of judges to cases led similar judges to be more 

likely to hear cases with female colleagues in some years, this could produce spurious correlations between exposure 

to female colleagues and hiring. 
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served on the court for fewer than 10 years, who are younger than 60, and who have above-average 

rates of citation to their published opinions. As shown in Appendix Table A.9, none of these other 

judge characteristics significantly mediate the relationship between the gender of co-panelists and 

the gender of newly-hired clerks. 

 Additionally, as discussed in Section 3.1, case data from the Third Circuit is likely to be 

incomplete. Likewise, as discussed in Section 4.1, small deviations from true random assignment 

have been observed in the Second, Sixth, Ninth, and DC Circuits. In order to ensure that our results 

are not driven by a single circuit, we re-estimate our regressions, iteratively omitting data from 

each circuit. Similarly, we iteratively omit data from each hiring year and from each judge. As 

shown in Appendix Table A.10, our results are not driven by any single circuit or year. Our 

estimated effect is smallest when omitting the District of Columbia circuit, at 0.59 and when 

excluding the 2009 hiring year, at 0.54. Likewise, as shown in Appendix Figure A.1, our results 

are not driven by a single judge, with estimates excluding a judge ranging from 0.58 to 0.69. 

Estimates are statistically significant at the 0.01 level in all cases. 

Finally, we perform a permutation resampling procedure to demonstrate that the results 

shown in Table 3 are highly unlikely to have occurred by chance. To do this, we randomly reassign 

exposure to female colleagues to judges within each court and year, and estimate the full model 

(shown in Table 3, column 4) for each random assignment. Figure 1 shows the distribution of 

10,000 randomly generated effects against the estimated effect. The figure shows that while those 

estimates are small and centered around zero, our estimate, shown by the gray, vertical line, is in 

the upper tail of the distribution, leaving on the right only one random estimate, or 0.01% of the 

cases. 
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5.3. Additional Evidence 

We estimate event study regressions for two purposes. First, we expand on the falsification test of 

our empirical strategy in Table 4 by examining the effect of exposure to female colleagues in year 

t on hiring decisions made during and prior to year t. Next, we explore whether interactions with 

female colleagues has a persistent effect on judge’s hiring decisions by examining the effect of 

exposure to female colleagues in year t on hiring decisions made in years subsequent to year t+1. 

Specifically, we estimate the following regression equations, with values of k ranging from -5 to 

+3, where Hirej,c,t+k is an indicator of whether judge j, in court c, hired at least one female clerk in 

year 𝑡 + 𝑘; 𝐼𝑛𝑓𝑗,𝑐,𝑡 is exposure to female judges in year t, 𝑋𝑗,𝑡 is a set of judge characteristics, and 

𝜃𝑐,𝑡 is a set of court by year fixed effects.13 

𝐻𝑖𝑟𝑒𝑗,𝑐,𝑡+k = 𝛽𝑘𝐼𝑛𝑓𝑗,𝑐,𝑡 + 𝛿𝑋𝑗,𝑐,𝑡 + 𝜃𝑐,𝑡 + 휀𝑗,𝑐,𝑡+𝑘   (2) 

The OLS-estimated coefficients estimated from this equation are presented in Figure 2. 

Consistent with our identification strategy, we find that exposure to female colleagues is 

unrelated to hiring decisions made prior to that exposure. Consistent with work by Dahl, Kotsadam 

& Rooth (2021) on the effect of exposure of mixed-gender teams on attitudes, we find no evidence 

for sustained or long-term effects of professional interactions on hiring decisions. This is perhaps 

unsurprising—service on judicial panels is a standard element of a judge’s responsibilities, and 

judges are exposed to a new set of colleagues in each year. As a result, a year in which a judge 

interacted more than usual with female colleagues may temporarily affect behavior but not be 

memorable in the long term.  

                                       
13 Event study regressions omit judge fixed-effect because the positive relationship between exposure to female 

colleagues in period t and judge hiring decisions in period t+1 biases coefficients downward for all hiring years 

other than year t+1 in specifications that include judge fixed-effects. Event study regressions control for judge 

characteristics instead (see column 2 of Table 3). 
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6. Suggestive Evidence for Mechanisms 

There are three broad pathways through which we might expect judges’ exposure to female 

colleagues to affect their decision of who to hire. First, judges may change their beliefs about the 

suitability of women to the legal profession or their preferences for working closely with women 

after interacting with female colleagues. Second, they may experience social pressure from female 

colleagues to hire a diverse staff. Third, they may learn more about promising female law students 

from female colleagues. While all of these mechanisms result in greater opportunities for entry-

level women, they may not be equally salient in other contexts. For example, if our results are 

primarily driven by direct encouragement to maintain a gender-diverse staff, we might expect 

smaller effects in contexts where hiring decisions are less connected to individuals or where 

colleagues are less outspoken than are federal judges, and larger effects in contexts where workers 

have less independence from their colleagues than do federal judges. 

We examine the importance of the first two pathways by testing their empirical 

implications for the market for law clerks. If judges differ in their beliefs about the suitability of 

women to the practice of law or in their preferences for working with women, we would expect 

some judges to consistently hire more female clerks than others. Meanwhile, if judges preferred to 

maintain gender-diverse staffs, we would expect judges to hire a larger number of female clerks 

in years when a larger proportion of their current staff is male. We test these hypotheses using the 

following regression equation: 

𝑃𝑐𝑡𝐹𝑒𝑚𝑗,𝑐,𝑡+1 = 𝛽1𝐴𝐹𝐹𝑗,𝑐,t + 𝛽2CFFj,c,t + 𝛿𝑋𝑗,𝑡 + 𝜃𝑐,𝑡 + 휀𝑗,𝑐,𝑡  (3) 

𝑃𝑐𝑡𝐹𝑒𝑚𝑗,𝑐,𝑡+1  represents the fraction of clerks hired by judge j, in court c, in year t+1 who are 

female. 𝐴𝐹𝐹𝑗,𝑐,𝑡 represents the average fraction of females on judge j’s staff in years other than 

year t. It is calculated as the number of female clerks hired by judge j in years other than year t 
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divided by the total number of clerks hired by judge j in years other than year t, and is used to 

reflect a judge’s persistent preferences or beliefs influencing their hiring of female clerks. 𝐶𝐹𝐹𝑗,𝑐,𝑡  

represents the current fraction of females on a judge’s clerks at the time of hiring. It is calculated 

as the number of female clerks employed by judge j in year t divided by the total number of clerks 

employed by judge j in year t. 𝑋𝑗,𝑡 is a set of judge characteristics and 𝜃𝑐,𝑡 are court by year fixed 

effects. As shown in Table 5, the average gender composition of a judge’s staff is positively 

correlated with their hiring of female clerks, but the current gender composition of their staff is 

uncorrelated with their hiring of female clerks. This suggests that while judges do differ in their 

likelihood of hiring female clerks, they are no more likely to hire women in years when they have 

few women in their staff.  

We further investigate the second pathway--that judges care about maintaining a diverse 

staff—by examining the hiring decisions of judges who hire multiple clerks in the same year. Were 

judges indifferent to gender diversity of their staff, we would expect the gender of the second clerk 

hired to be unrelated to the gender of the first clerk hired, conditional on the judge’s characteristics. 

As a result, we would expect the distribution of female hires by each judge to follow a Bernoulli 

distribution, where the probability of hiring a female clerk was given by the average fraction of 

females of each judge’s hires (AFFj,c,t). For instance, if 50% of a judge’s clerks are female over 

the sample period, we would expect that one of two hires would be female 50% of the time, both 

would be female 25% of the time, and neither would be female 25% of the time. In contrast, if 

judges care about the gender diversity of their staffs, we would expect 1 of 2 hires to be female 

more than 50% of the time, and 0 or 2 hires to be female less than 25% of the time. We test this 

hypothesis in Appendix Table A.11. This compares the actual fraction of judges hiring 0, 1, 2, 3, 

4, or 5 female clerks in a given year to predicted fractions. We obtain predicted fractions by 
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aggregating predicted values at the judge level given by Bernoulli distributions, where each 

judge’s probability of hiring a female clerk is equals 𝐴𝐹𝐹𝑗,𝑐,𝑡. These two distributions are highly 

similar. In particular, the fraction of judges hiring no female clerks and hiring exclusively female 

clerks is similar to the fractions predicted by a Bernoulli distribution. We thus conclude that our 

results are unlikely to be driven by a desire to maintain a gender-diverse staff. 

 We also examine heterogeneity in the effect of interacting with female colleagues by both 

the characteristics of the influenced judges and the characteristics of the female colleagues with 

whom they interact. As shown in Appendix Table A.12, results are inconclusive because the effects 

are imprecisely estimated. However, one suggestive finding provides evidence against the third 

potential pathway—that judges learn about promising female clerks from female colleagues. Our 

point-estimates suggest that judges are no more likely to hire a woman after interacting with female 

colleagues with majority-female staffs than after interacting with female colleagues with majority-

male staffs. This suggests that exposure to colleagues’ networks is unlikely to drive our effects. 

Together, while our data cannot definitively point to a single causal mechanism, it suggests 

that the effect of exposure to female colleagues on hiring decisions is most likely a consequence 

of changes to preferences or beliefs, rather than of an increased social cost of having a 

disproportionately male staff in a particular year or access to information about female job 

applicants. 

7. Concluding Remarks  

We find clear, causal evidence that contact with female colleagues increases the likelihood 

that judges hire women at the entry level of their profession. These findings are large, suggesting 
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that hiring a female judge to serve on a typical appellate court would lead the judge’s male 

colleagues to hire an average of five additional female clerks over the next decade.14  

This finding is relevant to discussions of diversification of leadership and affirmative 

action because it shows that ordinary workplace interactions can affect important economic 

decisions even among experienced decision-makers with established views. However, because this 

work is unique in its ability to estimate the effect of peer interactions among established 

professionals on their hiring practices, it is reasonable to wonder whether particular characteristics 

of the legal profession or the judiciary make it more or less susceptible to such effects.  

One possibility is that peer exposure affects entry-level hiring more in contexts when new 

employees become mentees or proteges of their employers. Because appellate court clerkships are 

a major stepping stone to the American judiciary, judges care about the likelihood that a clerk will 

become a prominent lawyer or judge, and about how a clerk might conduct themselves as a judge 

in the future. As a result, a judge’s beliefs about women’s capabilities as judges may influence 

their hiring decisions even if those beliefs have no direct bearing on their performance as clerks 

(and thus are not primarily shaped by a judge’s previous experience with female clerks). For 

example, expectations that women focus less on their careers after having children, or that women 

are less assertive, worse leaders, or less creative than men might all be more heavily influenced by 

working with female judges than by working with female clerks. Thus, diversity in the elite of a 

profession may affect entry-level hiring less in professions where mentorship and legacy play a 

smaller role.  

                                       
14 The average appellate circuit has 13 appointed judges, 25% of whom are women. Thus, hiring a woman as the 

13th judge increases the fraction of interactions with a female judge by 1/12 for each of 9 male judges. 

1/12*0.71*9*10=5.325 
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Another possibility is that interaction with female peers may be particularly salient in 

occupations where women’s representation has increased during the career of the current 

leadership generation. Law is such a profession—while fewer than 5% of American law school 

graduates were women prior to 1970, 50% of recent law school cohorts are women.15 Due to this 

generational change, the great majority of federal judges began their careers in a cohort composed 

predominantly of men, and at a time when virtually all professors and judges were men. It is thus 

reasonable to suspect that these judges have developed expectations about women in the profession 

that do not reflect the characteristics of the most recent cohort of lawyers. Thus, our results may 

be large precisely because judges have developed attitudes that can be counteracted with new 

evidence. Due to the dramatic increase in women’s education and workforce engagement over the 

past seventy years, this generational change in the representation of women characterizes many 

high-earning professions. 

A last possibility is that peer interaction has large effects on the legal profession because 

judges lack clear and objective criteria for hiring decisions, increasing the role of prior beliefs or 

prejudices (Coate & Loury 1993). While law students can signal quality by graduating from a top 

law schools or joining a legal review, the legal profession lacks highly objective measures of 

quality or productivity available in some engineering fields. As a result, peer interaction may 

matter less in fields where productivity and skill are more objectively measured. 
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Tables and Figures 

Tables 

Table 1: Characteristics of Judges and Clerks in Sample  

 

Full 

Sample 

Mean 

(SD) 

Male 

Mean 

(SD) 

Female 

Mean 

(SD) 

Full 

Sample 

Min / Max 

Sample 

Size Male / 

Female 

M/F 

Diff 

  (1) (2) (3) (4) (5) (6) 

Judge 

characteristics 
            

Female 
0.2562 

(0.4367) 

0.0000 

(0.0000) 

1.0000 

(0.0000) 
0 / 1 996 / 343 *** 

Asian 
0.0127 

(0.1120) 

0.0151 

(0.1219) 

0.0058 

(0.0762) 
0 / 1 996 / 343  

Black 
0.0941 

(0.2921) 

0.0894 

(0.2854) 

0.1079 

(0.3107) 
0 / 1 996 / 343  

Hispanic 
0.0635 

(0.2439) 

0.0653 

(0.2471) 

0.0583 

(0.2347) 
0 / 1 996 / 343  

Age (decades) 
6.4277 

(1.0089) 

6.5443 

(1.0186) 

6.0892 

(0.8996) 
3.6 / 9.2 996 / 343 *** 

Decades on 

current court 

1.5999 

(0.9882) 

1.7105 

(0.9849) 

1.2787 

(0.9269) 
0 / 4.4 996 / 343 *** 

Ideology score 
0.0681 

(0.3614) 

0.0888 

(0.3550) 

0.0081 

(0.3736) 
-0.521 / 0.693 996 / 343 *** 

Republican 
0.5400 

(0.4986) 

0.5763 

(0.4944) 

0.4344 

(0.4964) 
0 / 1 996 / 343 *** 

Number of clerks  

hired in year 

2.8656 

(1.2262) 

2.8072 

(1.2167) 

3.0350 

(1.2397) 
1 / 7 996 / 343 *** 

Number of cases  

heard in year 

57.7371 

(40.4221) 

58.1908 

(41.1069) 

56.4198 

(38.3920) 
1 / 208 996 / 343  

At least one  

female clerk hired 

0.6923 

(0.4617) 

0.6807 

(0.4664) 

0.7259 

(0.4467) 
0 / 1 996 / 343  

Percent of clerks  

that are female 

0.4205 

(0.4937) 

0.4210 

(0.4938) 

0.4192 

(0.4936) 
0.00 / 1.00 3637 / 1274  

Notes: This table presents the average values of judge-level covariates in the analysis sample. For all 

variables other than percent of clerks that are female, the sample is at the judge by year level. For Percent 

of clerks that are female, the sample is at the clerk by year level. Source: Judicial Yellow Books, case 

dataset collected by authors.  
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Table 2: Balance Tests for Random Assignment to Panels  

Dependent variable: Fraction of co-panelists  

who are female 
  (1) (2) (3) (4) 

Age 
 

0.0019  

(0.0045) 

0.0015  

(0.0029) 

0.0002  

(0.0035) 

0.0054  

(0.0056) 

Asian 
 

-0.0136  

(0.0315) 

-0.034  

(0.0313) 

-0.037  

(0.0302) 

-0.0002  

(0.0198) 

Black 
 

0.0044  

(0.0193) 

-0.0028  

(0.0074) 

0.0052  

(0.0088) 

0.01  

(0.0145) 

Hispanic 
 

0.0148  

(0.0155) 

0.0008  

(0.0114) 

-0.0161  

(0.0103) 

0.0163  

(0.0317) 

Years on current court 
 

0.0106** 

(0.0046) 

-0.0004  

(0.0027) 

-0.0004  

(0.0031) 

0.0005  

(0.0049) 

Ideology score 
 

0.0244*  

(0.014) 

-0.0017  

(0.0088) 

-0.0039  

(0.0106) 

0.0117  

(0.0198) 

Republican 
 

0.0112  

(0.0096) 

0.0018  

(0.0057) 

0.0003  

(0.0066) 

0.008  

(0.0132) 

Percent of current staff female 
 

-0.0017  

(0.0139) 

0.0157  

(0.0099) 

0.0204*  

(0.012) 

0.0161  

(0.022) 

Court by year fixed effects  No Yes Yes Yes 

Sample  All All Male Female 

F-Stat (P-val) 
 

1.4215  

(0.1894) 

0.7416  

(0.6547) 

1.0727  

(0.385) 

0.9399  

(0.4928) 

Observations   1339 1339 996 343 

Notes: This table reports OLS estimation results from regressions of the fraction of co-panelists who 

were female in a year on a series of judge characteristics. It shows the relationship between a variety 

of judge characteristics and the main variable of interest, for both the full sample (columns 1 and 2) 

and separately for male and female judges (columns 3 and 4). Standard errors are robust and clustered 

at the judge level. Column 2 controls for whether the judge is female. columns 2-4 include court by 

year fixed effects. Column 3 shows regression results for male judges, column 4 shows regression 

results for female judges. Significance levels are: * 10%, ** 5%, *** 1%. Source: Judicial Yellow 

Books, case dataset collected by authors. 
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Table 3: Effect of Serving with Female Judges on Hiring Decisions 

Dep Var: Probability of hiring any 

female clerk in next year 

(1) (2) (3) (4) (5) 

Fraction of co-panelists who are 

female 

0.5901***  

(0.1948) 

0.6590***  

(0.1863) 

0.7628***  

(0.2623) 

0.7120***  

(0.2603) 

0.7258***  

(0.2726) 

Number of clerks hired    0.0724***  

(0.0189) 

0.0701***  

(0.0200) 

Percent of current staff female     -0.0725     

(0.0745) 

Court by year fixed effects Yes Yes Yes Yes Yes 

Judge Characteristics  Yes    

Judge Fixed Effects   Yes Yes Yes 

Observations 996 996 996 996 925 

Dependent variable mean 0.68072 0.68072 0.68072 0.68072 0.68072 

Notes: This table reports OLS estimation results from the regressions described in equation 1 in the text. 

Standard errors are robust and clustered at the judge level. The dependent variable is an indicator of whether 

a judge hired at least one female clerk in year t+1, conditional on hiring any clerk. The table reports the 

results of regressions of the dependent variable on the fraction of co-panelists who were female in each 

year. Judge characteristics include quadratics of judge age, experience in current position and ideology, as 

well as judge gender, race and party of nominating president. Significance levels are: * 10%, ** 5%, *** 

1%. Source: Judicial Yellow Books, case dataset collected by authors. 
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Table 4:  Placebo Tests 

 Prob. Actual judge hired any 

female clerks in past year 

Prob. Matched judge hired any female 

clerks in next year 

 (1) (2) (3)  (4) (5) (6) 

Fraction of co-

panelists who are 

female 

-0.0495 

(0.1102) 

0.0238 

(0.1104) 

0.0306     

(0.1530) 

 -0.1514 

(0.1233) 

-0.0935 

(0.1239) 

0.1090     

(0.1548) 

Number of clerks 

hired 

  0.0776***  

(0.0183) 

   0.0744***  

(0.0189) 

Court by year fixed 

effects 

Yes Yes Yes  Yes Yes Yes 

Judge Characteristics  Yes    Yes  

Judge fixed effects   Yes    Yes 

Observations 1033 1029 1029  972 972 972 

Dependent variable 

mean 

0.6873 0.6881 0.6881  0.6811 0.6811 0.6811 

Notes:  This table reports OLS estimation results from placebo regressions. Standard errors are 

robust and clustered at the judge level. In columns 1-3, the dependent variable is an indicator of 

whether the judge hired at least one female clerk in year t-1, conditional on hiring any clerk. In 

columns 4-6, the dependent variable is an indicator of whether the most similar judge within a 

court, based on characteristics predicting the employment of female clerks, hired at least one 

female clerk in year t+1, conditional on hiring any clerk. The table reports the results of 

regressions of the dependent variable on the fraction of co-panelists who were female in each year. 

Judge characteristics include quadratics of judge age, experience in current position and ideology, 

as well as judge gender, race and party of nominating president. Significance levels are: * 10%, 

** 5%, *** 1%. Source:  Judicial Yellow Books, case dataset collected by authors. 
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Table 5: Persistent Preferences and Staff Gender Composition on Female Hiring 

Dep Var: Fraction of hires in next year who are 

female 
(1) (2) (3) 

Persistent hiring rate 
0.3390*** 

(0.0942) 

0.3065*** 

(0.0960) 

0.2678*** 

(0.1001) 

Percent of current staff female 
0.0217    

(0.0491) 

0.0179    

(0.0492) 

0.0342    

(0.0489) 

Asian  
-0.0022    

(0.0869) 

-0.0067    

(0.0892) 

Black  
0.0409    

(0.0461) 

0.0181    

(0.0506) 

Hispanic  
0.0810*   

(0.0428) 

0.0507    

(0.0462) 

Age  
-0.0030    

(0.0052) 

0.0241    

(0.0448) 

Age2  
0.0000    

(0.0001) 

-0.0007    

(0.0009) 

Years on current court   
0.1326    

(0.1173) 

Years on current court2   
-0.2118    

(0.4056) 

Ideology score   
-0.0959    

(0.0713) 

Ideology score2   
-0.3945** 

 (0.1821) 

Republican   
0.0893    

(0.1062) 

Court by year fixed effects Yes Yes Yes 

Observations 939 939 939 

Dependent variable mean 0.4020 0.4020 0.4020 

Notes: This table reports OLS estimation results from a regression of the fraction of hires in 

year t who are female on the fraction of all hires in years other than year t who are female and 

on the fraction of staff in year t who are female, as described in equation 3 in the text. Note 

that these regressions do not include judge fixed-effects. Standard errors are robust and 

clustered at the judge level. The dependent variable is the fraction of clerks hired in the 

following year who are female, conditional on hiring any clerk. Significance levels are: * 10%, 

** 5%, *** 1%. Source: Judicial Yellow Books, case dataset collected by authors. 
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Figures 

Figure 1: Randomization-Based Inference for Fraction of Co-Panelists who are Female 

 
 

 
Notes:  The figure shows distribution of coefficients obtained from the OLS specification shown in 

column 4 of table 3 while replacing the fraction of co-panelists who are female for a judge with the 

fraction of co-panelists who are female from a randomly selected judge from the same court and year. 

We performed 10,000 iterations of this resampling procedure. The vertical line represents the actual 

estimate obtained in column 4 Table 3. 
 

  

This is the author’s accepted manuscript without copyediting, formatting, or final corrections. It will be published in its final form in an upcoming issue of 
Journal of Labor Economics, published by The University of Chicago Press. Include the DOI when citing or quoting: https://doi.org/10.1086/720392   

Copyright 2022 The University of Chicago Press.



 35 
 

Figure 2: Event Study: Effect of Fraction Female Copanelists in Year t on Probability of Hiring 

at Least One Female Clerk in Year t+k 

 

 

Notes:  This figure reports the effect of a one standard-deviation increase in interactions with female judges 

in year t on the probability of hiring at least one female clerk in year t+k, estimated using equation 2, with 

95% confidence intervals. Standard errors are robust and clustered at the judge level. Controls include 

quadratics of judge age, experience in current position and ideology, as well as judge gender, race, and 

party of nominating president. Regressions do not control for judge fixed effects. Source:  Judicial Yellow 

Books, case dataset collected by authors. 
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